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ABSTRACT 

 

This paper assesses national workforce strategies for adapting to artificial intelligence (AI) across 55 countries. The 

background of the research is defined by the rapid diffusion of AI technologies, which creates new challenges and 

opportunities for labour markets and policy-makers worldwide. Objectives: The primary objective is to identify the key 

determinants that drive the adoption of both skills-oriented and transformation-oriented strategies in national AI 

workforce development. Methods/Approach: The study constructs two composite indices—AI Skills Focus and AI 

Transformation Focus—based on employer survey data. These indices capture, respectively, the prioritization of hiring 

and training for AI-related skills, and the implementation of broader organizational strategies such as business model 

reorientation and workforce transitions driven by AI. Five explanatory variables are analyzed: funding for reskilling and 

upskilling, skills gaps in the labour market, the proportion of tasks performed by technology (human-machine frontier), 

labour-market churn, and the degree of organizational AI exposure. Results: The findings demonstrate that 

organizational AI exposure is the strongest and most consistent predictor of both indices, indicating that widespread AI 

adoption at the firm level is closely linked to national workforce adaptation. In contrast, larger skills gaps are associated 

with lower adoption of AI workforce strategies, suggesting that talent shortages impede rather than accelerate 

adaptation. Conclusions:  The results highlight the importance of ecosystem-based approaches in public governance, 

where collaboration among government, employers, and education providers fosters readiness and adaptability. The 

study recommends policy measures focused on building supportive institutional environments and addressing skills 

shortages through integrated, long-term reforms. 
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INTRODUCTION 

The rapid proliferation of artificial intelligence (AI) technologies is fundamentally reshaping the nature of 

work and skill requirements across global labour markets. AI-driven automation and augmentation are 

expected to alter job roles, create new occupations, and render certain tasks obsolete, challenging both 

employers and governments to respond with effective workforce adaptation strategies (Tairov et al., 2024; 

Antonova, Beloeva, & Todorova, 2024). In this context, countries worldwide face an urgent imperative to 
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anticipate and manage the workforce implications of technological change, ensuring that both individuals and 

organizations are equipped to thrive in the AI era. 

 Despite growing consensus about the transformative impact of AI, there remains significant variation in 

how countries prepare their workforces for this new landscape. Some nations have launched large-scale 

initiatives to upskill and reskill employees, promote lifelong learning, and stimulate public-private 

collaboration in digital education. Others are only beginning to recognize the challenges posed by AI or 

struggle to address persistent gaps in skills and institutional capacity. While existing research often highlights 

the need for reskilling and training, less is known about the determinants that drive countries to adopt particular 

workforce strategies in response to AI. In particular, the extent to which national adaptation efforts are shaped 

by factors such as funding, labour-market structure, the prevalence of technology, and the diffusion of AI at 

the organizational level remains underexplored. (Benhmama & Bennani, 2024; Chornous et al., 2025; Le, Le 

& Le, 2025). 

This study addresses these gaps by conducting a cross-country analysis of workforce strategies for AI 

adaptation using recent employer survey data from 55 countries. The research introduces two composite 

indices — AI Skills Focus and AI Transformation Focus—to capture both the emphasis on skill development 

and the breadth of organizational adaptation strategies at the national level. By modelling these indices as 

functions of key explanatory variables—including funding for reskilling, skills gaps, labour-market churn, the 

share of tasks performed by technology, and organizational AI exposure—the study aims to uncover the 

primary drivers of national workforce strategies in the context of AI transformation. 

The findings contribute to the international literature by clarifying which factors most strongly predict 

workforce adaptation to AI and by highlighting the importance of ecosystem-based approaches in public 

governance. The study further provides evidence-based policy recommendations to guide governments, 

employers, and educators in building resilient, future-ready workforces. 

LITERATURE REVIEW 

The advent of artificial intelligence (AI) is widely recognized as a transformative force in contemporary 

economies, with significant implications for labour markets, education systems, and public policy. Early 

studies have documented the potential for AI and automation to both displace and augment jobs, leading to 

profound shifts in skill requirements and organizational structures (Arntz, Gregory, & Zierahn, 2016; Bessen, 

2018). The literature identifies two primary pathways for workforce adaptation: skill development (upskilling 

and reskilling) and broader organizational transformation, including business model innovation and internal 

labour reallocation (Brynjolfsson & McAfee, 2014; World Economic Forum, 2020; OECD, 2023). 

Recent international surveys and policy analyses underscore the urgency of investing in human capital to 

address the challenges and opportunities posed by AI. The World Economic Forum’s series of Future of Jobs 

Reports highlights that most employers anticipate significant skill disruption, with demand rising for complex 

cognitive, digital, and social-emotional competencies (World Economic Forum, 2020; World Economic 

Forum, 2025). National governments and supranational bodies such as the European Commission and OECD 
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have responded by prioritizing reskilling initiatives, promoting lifelong learning, and facilitating industry-

academic partnerships to align educational curricula with labour market needs (OECD, 2023; European 

Commission, 2023; UNESCO, 2024). 

However, scholars note considerable variation in the effectiveness of these strategies across countries. 

Factors such as institutional capacity, funding mechanisms, and collaboration between stakeholders play 

crucial roles in determining the impact of workforce policies (McKinsey Global Institute, 2023; ILO, 2024; 

OECD, 2024). For instance, OECD research indicates that countries with well-coordinated ecosystem 

environments—where public governance actively supports cooperation among government, employers, and 

education providers—tend to achieve better outcomes in AI workforce adaptation (OECD, 2024; World Bank, 

2022).  

Recent research also demonstrates the effectiveness of digital management platforms in the public sector, 

with evidence from Kazakhstan showing that digital solutions for remote work can significantly enhance 

operational efficiency and oversight in large national organizations such as the railway sector (Adilova et al., 

2025). The role of digital and technological transformation in related fields, such as agriculture, is also well 

documented in the literature. For instance, studies from Kazakhstan demonstrate how the integration of 

renewable energy technologies contributes to greater efficiency and sustainability in agricultural production 

systems (Bolyssov et al., 2019). Recent studies have also explored the role of human capital and 

entrepreneurship in driving economic development. For example, analysis of cross-country data reveals that 

female entrepreneurship has a significant positive impact on economic growth in both developing and 

developed economies, highlighting the importance of inclusive workforce strategies (Akybayeva et al, 2024). 

Such evidence reinforces the argument that integrated strategies combining digital innovation, sustainable 

practices, and inclusive entrepreneurship are essential for long-term socioeconomic resilience (Abuseridze, 

2021). 

A growing body of research also highlights the role of organizational AI exposure as a catalyst for 

workforce transformation. Firms already implementing AI are more likely to invest in employee reskilling and 

to adopt innovative approaches to talent management (World Economic Forum, 2023; McKinsey Global 

Institute, 2023). Conversely, persistent skills gaps and limited access to training infrastructure are cited as 

major barriers to effective adaptation, particularly in emerging economies (ILO, 2024; World Bank, 2022). 

The broader context of economic modernization in Kazakhstan includes not only workforce and education 

policies, but also the management of natural resources and the acceleration of digital transformation in 

business processes. Judicial practices regarding foreign investment in the natural resources sector play a 

significant role in shaping the country’s investment climate and sustainable development strategies 

(Yessengeldin et al., 2019). At the same time, recent empirical evidence demonstrates that digital 

transformation is having a profound effect on business process management, increasing efficiency and 

innovation in Kazakhstan’s private sector (Zhumanova et al., 2023). In this regard, the judiciary's capacity to 

ensure transparent, consistent, and investor-friendly rulings is essential for fostering legal certainty and 
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reinforcing the institutional foundations of Kazakhstan’s modernization agenda. For example, Georgia’s 

judicial reforms in the early 2000s, which enhanced transparency and investor confidence, are often cited as a 

key factor in the country’s improved investment climate highlighting the critical role of the judiciary in 

supporting economic transformation (Abuseridze & Kikilashvili, 2025). 

Despite the proliferation of policy reports and empirical studies, gaps remain regarding the comparative 

analysis of national determinants that drive AI workforce strategies. There is a need for more systematic 

research examining how factors such as funding, skills shortages, labour-market churn, technological intensity, 

and ecosystem coordination jointly influence the adoption of both skill-focused and transformation-oriented 

policies. This study aims to address this gap by providing new cross-country evidence on the key drivers of 

national AI workforce strategies. 

METHODOLOGY 

Each country in the sample has determined its own AI workforce strategy based on responses from national 

employer surveys. Data for the AI Skills Focus index are available for all 55 countries included in the analysis, 

capturing efforts related to hiring and training for AI-related skills. In contrast, not all countries report 

strategies related to broader organizational or business transformation in response to AI (such as workforce 

transitions or business model adaptation). If a country’s survey responses indicate no implementation of any 

AI Transformation Focus strategy, the value for this index is recorded as zero. As a result, some countries are 

represented only by their focus on AI skills development, while others combine both skills and transformation 

strategies in their approach. This procedure allows for the inclusion of all countries in the analysis and ensures 

that the absence of transformation strategies is clearly reflected in the data. 

1. AI Skills Focus Index 

The AI Skills Focus index measures the extent to which organizations prioritize developing and acquiring 

AI-related skills. It is calculated as the arithmetic mean of the following three items (all of which are available 

for every country in the sample): 

The share of employers hiring new people with skills to design AI tools and enhancements appropriate for 

the organization’s needs, 

The share hiring new people with skills to better work alongside AI, 

The share reskilling and upskilling their existing workforce to better work alongside AI. 

2. AI Transformation Focus Index 

The AI Transformation Focus index captures broader organizational strategies related to business model 

adaptation and workforce transition in response to AI. It is calculated as the arithmetic mean of the following 

items: 

The share of employers re-orienting their organization to target new business opportunities created by AI, 

The share transitioning employees from jobs that AI will cause to decline, to other roles within the 

organization, 

The share downsizing the workforce where AI can replicate people’s work (included only where available). 
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The AI Skills Focus index is available for all 55 countries in the analysis. In contrast, the AI Transformation 

Focus index—which captures broader organizational transformation strategies in response to AI—is available 

for a subset of 30 countries. For the remaining countries, no relevant transformation strategies were reported 

in the survey, and thus the value for this index is recorded as zero. 

Explanatory Variables 

The explanatory variables used in this study are drawn from the World Economic Forum’s Future of Jobs 

Report 2025 ([World Economic Forum, 2025]). These include: 

Funding for reskilling and upskilling (the share of employers identifying public or private investment in 

training as a priority), 

Skills gaps in the labour market (the proportion of organizations reporting shortages of relevant skills as a 

key barrier to transformation), 

Human-machine frontier—Technology (the share of tasks primarily performed by technology, such as 

robots and automation, in each country), 

AI exposure (the proportion of organizations already implementing AI programmes), 

Labour-market churn (the degree of turnover or structural change in the national labour market, reflecting 

both job creation and job loss associated with technological transformation). 

All variables are harmonized and normalized for comparability across countries. 

Based on the literature review and the research questions, the following hypotheses are tested: 

H1: Greater funding for reskilling and upskilling is positively associated with the adoption of both AI Skills 

Focus and AI Transformation Focus strategies at the national level. 

H2: Larger skills gaps in the labour market are associated with greater adoption of AI workforce strategies. 

H3: A higher share of tasks performed by technology (Human-machine frontier) predicts increased 

adoption of AI workforce strategies. 

H4: Broader organizational AI exposure is positively associated with both AI Skills Focus and AI 

Transformation Focus. 

H5: Greater labour-market churn is positively associated with the adoption of both AI Skills Focus and AI 

Transformation Focus strategies, as more dynamic labour markets may accelerate adaptation to technological 

change. 

To test the research hypotheses, we estimate separate ordinary least squares (OLS) regression models for 

the two dependent variables—AI Skills Focus and AI Transformation Focus. Each model includes the five 

explanatory variables described above. Robust standard errors are used to account for possible 

heteroskedasticity. Model fit and diagnostic tests (including tests for multicollinearity, normality of residuals, 

and heteroskedasticity) are reported and discussed in the Results section.  

RESULTS 

This section presents the empirical findings from the cross-country analysis of national workforce strategies 

for artificial intelligence (AI) adaptation. The results are organized around the two composite indices 
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constructed in this study: AI Skills Focus and AI Transformation Focus. Separate ordinary least squares (OLS) 

regression models were estimated for each index, incorporating the five explanatory variables: funding for 

reskilling and upskilling, skills gaps in the labour market, human-machine frontier, labour-market churn, and 

AI exposure. Model diagnostics were performed to ensure the validity and robustness of the results Table 2,4. 

The following subsections report the main regression outcomes for both indices, highlight statistically 

significant predictors, and discuss the explanatory power of each model. These results provide insights into 

the factors that most strongly influence national approaches to AI workforce adaptation. 

 

Table 1. Regression Results: AI Skills Focus 
 

Variable Coefficient Std. Error t-value p-value 

Constant 0.428 0.173 2.469 0.016 

Funding for reskilling and upskilling –0.0006 0.119 –0.005 0.996 

Skills gaps –0.413 0.099 –4.191 <0.001 

Human-machine frontier 0.206 0.175 1.174 0.245 

AI exposure 0.579 0.117 4.959 <0.001 

Source: Own calculations 

 

Table 2. AI Skills Focus — Diagnostic Tests 
 

Test Value p-value Note 

R-squared 0.523 —  

Adj. R-squared 0.485 —  

F-statistic 13.70 1.30e-07 Model is statistically significant 

RMSE 0.0555 —  

Shapiro-Wilk (normality) 0.9849 0.7157 Residuals are normally distributed 

Breusch-Pagan (heteroskedasticity) 1.9404 0.7467 No evidence of heteroskedasticity 

Durbin-Watson (autocorrelation) 1.845 — No autocorrelation in residuals 

Omnibus (normality of residuals) 0.247 0.884 Residuals are normally distributed 

Jarque-Bera (normality of residuals) 0.092 0.955 Residuals are normally distributed 

Condition number (VIF) 46.4 — No multicollinearity (all VIF < 1.2) 

Source: Own calculations 

 

The regression results in Table 1 indicate that AI exposure (the share of organizations already implementing 

AI programmes) is a strong and statistically significant predictor of national focus on AI-related skills 

strategies (β = 0.58, p < 0.001). This suggests that in countries where a greater proportion of organizations are 

adopting AI, there is a higher likelihood of widespread reskilling, upskilling, and hiring for AI competencies. 

Conversely, skills gaps in the labour market are negatively associated with AI Skills Focus (β = –0.41, p < 

0.001). This finding implies that countries facing significant talent shortages are less likely to engage 

proactively in AI-related workforce development, potentially due to systemic barriers or insufficient capacity 

to deliver training at scale. 

Table 3. Regression Results: AI Transformation Focus 
 

Variable Coefficient Std. Error t-value p-value 

Constant 0.301 0.172 1.747 0.099 

Skills gaps –0.216 0.115 –1.876 0.075 

Labour-market churn –0.148 0.198 –0.749 0.458 

AI exposure 0.540 0.147 3.670 0.001 

Source: Own calculations 
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Funding for reskilling and upskilling, as well as the share of tasks performed by technology (human-

machine frontier), were not statistically significant in this model. 

 

Table 4. AI Transformation Focus — Diagnostic Tests 
 

Test Value p-value Note 

R-squared 0.470 —  

Adj. R-squared 0.408 —  

F-statistic 7.673 0.00078 Model is statistically significant 

RMSE 0.0572 —  

Shapiro-Wilk (normality) 0.9873 0.9699 Residuals are normally distributed 

Breusch-Pagan (heteroskedasticity) 4.7948 0.1875 No evidence of heteroskedasticity 

Durbin-Watson (autocorrelation) 1.550 — No autocorrelation in residuals 

Omnibus (normality of residuals) 0.013 0.993 Residuals are normally distributed 

Jarque-Bera (normality of residuals) 0.138 0.933 Residuals are normally distributed 

Condition number (VIF) 31.8 — No multicollinearity (all VIF < 1.1) 

Source: Own calculations 

 

For the AI Transformation Focus index – Table 3, AI exposure again emerges as the main significant 

predictor (β = 0.54, p = 0.001), reinforcing the idea that widespread organizational adoption of AI is closely 

linked to broader business model transformation and internal workforce reorganization. Skills gaps also have 

a negative association with AI Transformation Focus (β = –0.22, p = 0.075), although this effect is only 

marginally significant. Other predictors (e.g., labour-market churn) do not reach statistical significance. 

The results in table 4 provide robust support for H4, demonstrating that higher levels of organizational AI 

exposure are consistently and positively related to the adoption of both skills-oriented and transformation-

oriented AI workforce strategies at the national level. H2 is only partially supported, as skills gaps appear to 

be a significant—but negative—predictor, suggesting that rather than driving innovation, talent shortages may 

inhibit a country’s ability to implement AI workforce strategies effectively. H1 and H3 are not supported, as 

funding for reskilling and the prevalence of technology-performed tasks were not significant in either 

regression. 

Overall, the findings highlight the importance of widespread AI adoption at the organizational level as the 

primary driver of national workforce adaptation strategies, while also underscoring the need to address talent 

shortages that may otherwise impede progress. 

DISCUSSION 

The present study offers new cross-country evidence on the determinants of national AI workforce strategies 

by leveraging employer survey data from 55 countries. Our analysis demonstrates that the breadth of 

organizational AI adoption (“AI exposure”) emerges as the most robust predictor of both skill-oriented and 

transformation-oriented strategies. In contrast, persistent skills gaps in the labour market are negatively 

associated with the adoption of these strategies, and variables such as funding for reskilling or the share of 

technology-driven tasks do not significantly explain variation across countries. 

These findings are in line with recent research that positions AI adoption and diffusion at the organizational 

level as a key enabler of broader workforce transformation (ILO, 2024; McKinsey Global Institute, 2023; 
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OECD, 2023; World Economic Forum, 2023; World Economic Forum, 2025). The World Economic Forum 

reports that organizations already implementing AI are more likely to invest in reskilling and upskilling and 

to restructure their business models and internal roles in response to technological change (World Economic 

Forum, 2023; World Economic Forum, 2025). Our results extend these insights by confirming this relationship 

at the national level across diverse economies, showing that AI exposure remains a critical catalyst for 

workforce adaptation strategies regardless of a country’s economic development status (OECD, 2023; ILO, 

2024). 

The negative association between skills gaps and AI strategy adoption suggests that, contrary to 

expectations in some of the literature, talent shortages do not stimulate greater training and transformation 

efforts, but rather constrain them (OECD, 2023; World Bank, 2022). This is consistent with evidence from the 

OECD and McKinsey Global Institute, which highlight that skills shortages represent a major bottleneck for 

digital and AI transition, especially in emerging and mid-income economies where education and training 

infrastructure is less developed (McKinsey Global Institute, 2023; OECD, 2023). Our findings thus underscore 

the need for targeted policy interventions to expand both the quantity and quality of AI-related talent, rather 

than relying on market forces alone to close the gap (European Commission, 2023; UNESCO, 2024). 

Interestingly, funding for reskilling and upskilling was not a significant predictor in our models. This result 

diverges from policy discourse emphasizing the importance of increased investment in training as a 

precondition for successful digital transformation (European Commission, 2023; OECD, 2024). A possible 

explanation is that funding alone may not guarantee the effectiveness of workforce strategies unless 

accompanied by institutional capacity, industry demand, and access to relevant curricula (OECD, 2024; World 

Bank, 2022). Recent case studies demonstrate that countries with robust institutional frameworks for lifelong 

learning and active collaboration between government, employers, and education providers see stronger 

returns on training investment (OECD, 2024; UNESCO, 2024). 

Another novel finding is the lack of significant effect for the human-machine frontier—the share of tasks 

already performed by technology—on AI workforce strategies. While one might expect that greater 

automation would compel more rapid adaptation, our results suggest that actual organizational readiness and 

willingness to engage in AI-driven transformation are more important than structural technological exposure 

per se (ILO, 2024; World Bank, 2022). This observation aligns with recent reports cautioning that 

technological potential does not automatically translate into broad-based workforce change without 

complementary changes in organizational culture and management practices (ILO, 2024; World Economic 

Forum, 2025). 

In sum, our results highlight that AI workforce transformation is driven less by generic “push” factors such 

as funding or automation levels, and more by the “pull” of widespread organizational AI adoption (World 

Economic Forum, 2023; World Economic Forum, 2025). At the same time, severe talent shortages act as a 

brake, not a catalyst, on strategic adaptation (McKinsey Global Institute, 2023; OECD, 2023). These 

conclusions reinforce calls in the latest global reports for integrated approaches that combine national 
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investment in AI diffusion with strategic initiatives to build and attract AI talent, improve educational quality, 

and foster industry-academic partnerships (European Commission, 2023; OECD, 2024; UNESCO, 2024; 

World Economic Forum, 2025). 

Policy Recommendations 

The findings of this study indicate that effective national adaptation to AI in the workforce depends on 

more than individual training initiatives or funding alone; it requires the presence of a supportive ecosystem 

environment, especially in public governance. 

First, governments should foster an ecosystem approach by actively coordinating and incentivizing 

collaboration among key stakeholders—public agencies, private employers, educational institutions, 

technology providers, and civil society. This means building platforms for dialogue, co-creation of training 

programs, and transparent policy frameworks supporting lifelong learning and digital skills. Countries with 

robust, well-coordinated governance ecosystems achieve greater progress in both the diffusion of AI and 

workforce transformation (OECD, 2024; UNESCO, 2024; World Economic Forum, 2025). 

Second, public administration should move beyond siloed, top-down programs to build adaptive and 

integrated systems that support AI readiness at all levels. This includes: 

Incentivizing public-private partnerships and cross-sectoral initiatives; 

Embedding digital and AI literacy across all stages of education, from schools to higher education and adult 

learning; 

Ensuring that regulatory and funding mechanisms are flexible, inclusive, and responsive to rapid 

technological and labour market change. 

Third, policy should prioritize the adoption of AI not only in large corporations, but also among SMEs and 

the public sector to broaden exposure and readiness (OECD, 2024). 

Fourth, investments should target not only training budgets but also the development of institutional 

capacity and incentives for collaboration between employers, education systems, and governments (UNESCO, 

2024; European Commission, 2023). This will help ensure that upskilling and reskilling efforts are sustainable 

and aligned with actual labour market needs. 

Fifth, addressing skills gaps requires both short-term retraining initiatives and long-term reforms in STEM 

and digital education (World Bank, 2022; OECD, 2023). Building strong educational foundations for future 

generations is as important as responding to current talent shortages. 

Additionally, data-driven governance and monitoring should be enhanced to track workforce trends, skills 

gaps, and the impact of AI-related policies. Open data sharing among ecosystem actors can further accelerate 

best practice adoption and training innovation. 

Policy makers should also encourage innovative partnerships between the private sector and higher 

education institutions to align training programs with evolving labour market needs. The experience of 

endowment funds in Kazakhstan demonstrates that such collaborations can effectively support the 

development of industry-relevant skills and contribute to workforce readiness, particularly in specialized fields 
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like tourism (Khusainova et al., 2021). This underscores the broader potential of public-private-academic 

synergies to drive human capital development and sustain the momentum of digital and sectoral transformation 

(Abuseridze et al., 2024). 

Efforts to improve workforce development and sectoral performance should be supported by 

comprehensive reforms and effective leadership across key public sectors. For example, evidence from 

Kazakhstan’s healthcare system demonstrates that policy measures aimed at enhancing efficiency and 

sustainability can yield significant socio-economic benefits (Smailov et al., 2022). At the same time, research 

shows that leadership quality and targeted expertise development within the education sector are critical for 

improving teacher performance and adapting to evolving educational needs (Sayabek et al., 2018). As noted 

by recent studies, effective leadership combined with targeted reforms is key to achieving sustainable progress 

across sectors (Abuseridze et al., 2022). 

Finally, the public sector should lead by example—investing in AI upskilling and transformation of its own 

workforce, modernizing HR practices, and piloting innovative approaches to talent development. 

These recommendations align with the direction of the OECD AI Policy Observatory (OECD, 2024), 

UNESCO (UNESCO, 2024), and the World Economic Forum’s “Reskilling Revolution” initiative (World 

Economic Forum, 2023; World Economic Forum, 2025), which collectively emphasize ecosystem-level 

responses to the challenges and opportunities posed by AI for the global workforce. 

CONCLUSION 

This research advances the international understanding of how countries are responding to the rapid 

proliferation of artificial intelligence (AI) by empirically analyzing the determinants of national workforce 

strategies. Through the development of two original composite indices—AI Skills Focus and AI 

Transformation Focus—this study systematically captures both the emphasis on workforce training and the 

broader organizational adaptation strategies adopted by countries worldwide. By leveraging recent employer 

survey data across 55 nations, the research offers robust comparative insights that were previously lacking in 

the literature. 

The findings consistently demonstrate that organizational AI exposure, measured as the proportion of firms 

already implementing AI technologies, is the strongest and most reliable predictor of a nation’s readiness to 

adopt both skills-oriented and transformation-oriented strategies. This underscores the central role that 

widespread AI adoption at the enterprise level plays in driving national workforce transformation. Notably, 

the analysis also reveals that persistent skills gaps in the labour market present a significant obstacle to 

effective AI adaptation. Rather than spurring more aggressive upskilling or transformation efforts, a shortage 

of digital and technical talent appears to constrain countries’ ability to respond proactively to the demands of 

the AI era. 

Other examined factors - including funding for reskilling and upskilling, the extent of automation (human-

machine frontier), and labour-market churn - were not found to be significant predictors in most models. This 
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finding suggests that simply increasing training budgets or exposure to automation technologies, in isolation, 

may be insufficient to ensure national preparedness for AI-driven change. 

The results point to the importance of adopting a holistic, ecosystem-based approach to workforce policy. 

This approach goes beyond individual training initiatives and places a premium on active coordination among 

government agencies, employers, and educational institutions. It also highlights the value of developing 

supportive institutional environments that enable continuous learning, encourage public-private collaboration, 

and facilitate rapid adaptation to emerging technologies. 

Policy recommendations arising from this study emphasize the need for governments to foster AI adoption 

across all sectors—including small and medium-sized enterprises and the public sector - while simultaneously 

investing in institutional capacity, strengthening digital and STEM education, and addressing skills shortages 

through both short-term interventions and long-term reform. 

Ultimately, preparing the workforce for the opportunities and challenges presented by AI requires more 

than reactive training programs. It demands resilient institutions, flexible governance systems, and a culture 

of lifelong learning that together can sustain national competitiveness and social inclusion in the face of rapid 

technological change. 
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